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Abstract 

This research paper examines the impact of Artificial Intelligence (AI) on the 

taxation system in India, with particular emphasis on integrating Financial Accounting, 

Cost Accounting, and Management Accounting. The paper discusses how AI-driven 

technologies reshape tax administration, compliance, audit, and policy-making. It 

explores AI use-cases across direct and indirect taxes (Income Tax and GST), proposes a 

conceptual integrated accounting-taxation model, and presents empirical (numerical) 

analysis using simulated datasets to estimate AI's potential effect on tax gap reduction, 

compliance rates, and administrative efficiency. The study concludes with practical 

recommendations for policy-makers, tax administrations, and accounting professionals. 

Keywords: AI, Taxation, Income Tax, GST, Compliance, Financial Accounting, Cost 

Accounting, Management Accounting, Tax Administration, Machine Learning, Data 

Analytics, India 

Introduction 

Digital transformation and AI are profoundly changing public administration 

and fiscal governance worldwide. India, with its vast taxpayer base and rapidly expanding 

digital economy, is increasingly adopting AI for tax administration, fraud detection, 

taxpayer services, and policy design. The integration of accounting disciplines—financial, 

cost, and management accounting—into AI-enabled tax workflows promises improved 

transparency, real-time compliance, and better decision-making for both the taxpayer and 

the tax authority. 

This study explores the current state, opportunities, challenges, and empirical impact of 

AI in the Indian taxation system, while proposing an integrated accounting framework 

that aligns accounting information flows with AI-driven tax processes. 

Objectives of the Study 

1. To analyze how AI is currently being deployed in Indian tax administration (both 

direct and indirect taxes). 

2. To propose an integrated model that links Financial, Cost, and Management 

Accounting with AI-based taxation processes. 

3. To quantify likely improvements in compliance and efficiency through numerical 

analysis and simulation. 

4. To identify risks, limitations, and ethical/regulatory challenges posed by AI adoption 

in taxation. 

5. To provide policy and practice recommendations for stakeholders (CBDT, GSTN, 

taxpayers, and accounting professionals). 

 Hypotheses of the Study 

H1: AI adoption in tax administration reduces the effective tax gap (uncollected tax) by a 

statistically significant margin. 

H2: Integration of Financial, Cost and Management Accounting with AI systems 

improves the accuracy of tax assessments and reduces audit time. 

H3: AI-enabled taxpayer services increase voluntary compliance and reduce taxpayer 

grievances. 

H4: The benefits of AI adoption are moderated by data quality, interoperability of 

accounting systems, and legal/regulatory safeguards. 

Universe and Sample Design 

Given this is a mixed-methods study combining secondary research and numerical 

simulation, the empirical (numerical) component uses a simulated sample designed to 

mirror real-world distributions: 
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• Universe: Indian registered taxpayers segmented 

across Individuals, MSMEs, and Corporates. 

• Simulated sample size: 10,000 tax entities (6,000 

individuals/salaried, 3,000 MSMEs, 1,000 

corporates). 

• Period simulated: One fiscal year (12 months). 

The simulation parameters (e.g., baseline compliance 

rates, reported income, GST turnover, frequency of 

filings, incidence of mismatches) are seeded using 

published statistics and documented case studies in 

Indian tax administration and global precedents. 

Literature Review (Concise) 

Prior studies and practitioner reports 

highlight that tax administrations around the world are 

increasingly adopting AI and analytics to detect fraud, 

prioritize audits, and improve taxpayer services. The 

World Bank and IMF have published manuals and 

case studies on strategic AI integration for revenue 

administrations, and India-specific reports indicate 

active pilots and initiatives for AI-driven analytics and 

GST predictive models. Academic research points to 

improved detection of mismatches and fraudulent 

claims when machine learning models are applied to 

large transaction datasets. (References listed at the 

end.) 

Limitations of the Study 

1. The empirical portion relies on simulated data 

rather than confidential live administrative data 

from CBDT or GSTN—this constrains external 

validity though parameters were set to 

approximate realistic conditions. 

2. Rapid changes in AI deployments and policy 

after the time of writing may alter the practical 

implications. 

3. Legal and privacy constraints limit the depth of 

analysis on specific taxpayer-identifiable 

interventions. 

4. The study focuses on national-level 

administration but does not deeply analyze 

municipal or property-tax AI projects, which are 

relevant but beyond scope. 

Methodology 

• Desk research: Review of policy documents, 

official releases, journal articles, and news on AI 

and taxation in India and abroad. 

• Conceptual model building for integrated 

accounting and taxation workflows. 

• Numerical simulation: creation of a synthetic 

dataset for 10,000 taxpayers, modeling reporting 

behavior, AI detection capabilities, and resulting 

compliance outcomes. 

• Quantitative analysis: descriptive statistics, 

hypothesis testing (t-tests, chi-square where 

appropriate), and scenario analysis comparing a 

baseline (no-AI) vs. AI-enabled administration. 

 

 

Integration Model: Financial, Cost & Management 

Accounting with AI-enabled Taxation 

Conceptual Rationale 

• Financial Accounting provides standardized 

financial statements used for tax base 

determination. 

• Cost Accounting offers detailed product/service-

level cost and margin information useful for 

indirect tax (GST) assessments, transfer pricing, 

and sectoral compliance checks. 

• Management Accounting provides real-time 

operational performance metrics (KPIs, budgets, 

variance analyses) that can act as predictive 

signals for tax authorities when aggregated and 

anonymized. 

AI systems ingest multi-source accounting data 

(statements, ledgers, invoices, ERP extracts, bank 

feeds) to: 

1. Reconcile transactional GST filings with input 

tax credit claims. 

2. Detect anomalous cost structures suggesting 

invoicing fraud or round-tripping. 

3. Estimate true taxable income for entities with 

informal transactions. 

4. Provide risk scores for case selection and audit 

prioritization. 

Architecture (High-level) 

1. Data Layer: ERP, Tally/Account Software 

exports, bank statements, GST returns (GSTR-

1/3B), TDS/TCS records, PAN-Aadhaar 

linkages. 

2. Ingestion & ETL: Structured pipelines to 

standardize and clean data; privacy-preserving 

transformations where required. 

3. Feature Engineering: Accounting ratios, cost-to-

sales metrics, margin anomalies, frequency and 

timing features for filings. 

4. ML Models: Supervised models for fraud 

detection, unsupervised anomaly detection for 

outliers, NLP for document parsing (invoices, 

contracts). 

5. Decision Layer: Risk scoring, case prioritization, 

suggested audit lines, auto-generated taxpayer 

communications. 

6. Feedback Loop: Outcomes of audits and appeals 

feed back to retrain models. 

Data Analysis and Interpretations (Numerical 

Analysis) 

Simulation Setup (Parameters) 

• Baseline voluntary compliance rates: Individuals 

75%, MSMEs 60%, Corporates 85%. 

• Baseline tax gap (percentage of theoretical tax 

due not collected): 18% overall. 

• AI detection effectiveness: conservative 

estimate—20% improvement in detection of 

under-reporting/mismatches in year 1; 35% 

improvement by year 3 as models mature. 

• Audit yield multiplier: In AI-prioritized audits, 

average yield per audit increases by 1.5x vs. 

random audits. 

https://ewbr.us/


 

The International Journal of Commerce Management and Business Law in International Research (TIJCMBLIR) |Volume-3 
Issue-1| february-2026 | Website: https://ewbr.us 

254 

 

 

Simulated Results: Summary 

Segment Baseline 

Compliance 

AI-enabled Compliance 

(Year 1) 

AI-enabled Compliance 

(Year 3) 

Individuals 75.0% 78.5% 82.0% 

MSMEs 60.0% 66.0% 72.0% 

Corporates 85.0% 87.5% 90.0% 

Overall tax gap reductions under simulation: 

• Baseline tax gap: 18.0% 

• After AI (Year 1): 14.4% (20% relative 

reduction) 

• After AI (Year 3): 11.7% (35% relative 

reduction) 

Interpretation: Even conservative AI models could 

reduce the tax gap materially by improving detection 

of mismatches, enabling targeted audits, and 

shortening resolution times. The benefits are 

amplified as data quality, model sophistication, and 

inter-agency data sharing increase. 

Statistical Testing (Illustrative) 

We conduct a two-sample proportion z-test comparing 

baseline compliance vs. AI-enabled compliance for 

MSMEs (largest relative improvement in our 

simulation). 

• Baseline compliance p1 = 0.60 (n=3000 

simulated MSMEs) 

• AI compliance p2 = 0.66 (n=3000) 

z = (p2 - p1) / sqrt(p*(1-p)*(1/n1 + 1/n2)) where 

p = pooled proportion. 

Calculation (rounded): 

• pooled p = (0.603000 + 0.663000)/(6000) = 0.63 

• standard error = sqrt(0.630.37(2/3000)) = 

sqrt(0.2331*(0.0006667)) ≈ sqrt(0.0001554) ≈ 

0.01247 

• z = (0.06)/0.01247 ≈ 4.81 

A z of 4.81 indicates p < 0.00001 — statistically 

significant improvement. 

Note: This is illustrative; results would need 

verification on live administrative datasets. 

Example: GST Invoice Matching Simulation 

Assume 100,000 GST invoices across 5,000 registered 

suppliers in the sample year. AI-based reconciliation 

finds 3,500 invoices with mismatched supplier 

GSTINs or amounts (3.5% anomaly rate). Manual 

review of flagged cases confirms 70% as genuine 

mismatches requiring correction—yielding 

recoverable tax and penalties. 

• Flagged anomalies: 3,500 

• True positives (manual confirmation): 2,450 

• Average recoverable tax per confirmed anomaly: 

₹18,000 

• Total recoverable tax: ₹44.1 million 

This demonstrates how machine-led prioritization can 

concentrate scarce audit resources on high-yield cases. 

Findings 

1. AI materially improves detection of fraud, under-

reporting, and mismatches — leading to reduced 

tax gap and higher audit yields. 

2. Integration of financial, cost, and management 

accounting data into AI models provides richer 

features and better predictive power than 

transactional tax returns alone. 

3. Data quality, system interoperability, and timely 

feedback loops are critical success factors. 

4. Ethical, legal, and privacy safeguards (data 

minimization, purpose limitation, audit trails) 

must be embedded to maintain taxpayer trust. 

5. Capacity-building among tax officials and 

accounting professionals (training on AI tools 

and interpretation) is essential. 

6. Small taxpayers (MSMEs) show higher marginal 

benefits from AI-enabled outreach and 

compliance assistance, suggesting tailored 

interventions yield strong returns. 

Policy Recommendations 

1. National AI-Tax Strategy: CBDT and GSTN 

should publish a roadmap aligning AI adoption 

with legal safeguards, data sharing protocols, and 

transparency obligations. 

2. Interoperability Standards: Standardize 

accounting data exports (XBRL/JSON schemas) 

from common accounting software (Tally, ERP 

vendors) to reduce ETL friction. 

3. Privacy & Governance: Enact clear data 

governance frameworks—purpose limitation, 

anonymization for model training, and 

independent algorithmic audits. 

4. Pilot Programs: Scale pilots focused on GST 

invoice matching, high-value transaction 

monitoring, and anomaly detection for refunds. 

5. Capacity Building: Training programs for tax 

officers and CAs on AI model interpretation and 

risk-based audit methodologies. 

6. Taxpayer Support: Deploy AI-powered chatbots 

and calculators to help MSMEs with compliance 

and reduce inadvertent non-compliance. 

7. Integration with Accounting Education: Update 

curricula for CA/CS/CMA programs to include 

AI literacy and data analytics fundamentals. 

Practical Implications for Accounting 

Professionals 

• Financial Accountants: Need to ensure timely, 

standardized, and reconciled reporting to reduce 

friction during automated tax assessments. 

• Cost Accountants: Should maintain product-level 

cost records and VAT/GST-related input tracking 

to aid AI models in sectoral risk profiling. 

• Management Accountants: Must align KPIs and 

internal dashboards with compliance signals to 

proactively detect anomalies and prepare defense 

in case of queries. 

Conclusion 

AI offers significant promise for improving 

tax administration in India through better detection, 

efficient use of audit resources, and enhanced 
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taxpayer services. The integration of Financial, Cost, 

and Management Accounting data into AI systems 

strengthens model performance and provides more 

accurate, actionable insights. However, to realize 

these benefits sustainably, India must invest in data 

governance, interoperability standards, capacity-

building, and transparent oversight. The simulated 

numerical analysis here shows conservative but 

meaningful reductions in the tax gap, suggesting that 

early and principled adoption of AI can yield 

substantial fiscal and administrative dividends. 
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